Two Construct Models and Y, share a common measurement base, then rJ4 should be potentially higher than, say, r,,. However, even when variables 4 and 5 are maximally different measures, rl5 should be greater than r14. If a variable .A shares more variance with its construct than another variable .~ then the correlation between A and (1) all other indicators of the construct and (2) any indicator of a related construct should be larger.
Examinations of convergent and discriminant validity have followed three major approaches. The first approach involves examining some form of the multitrait-multimethod matrix (MTMM) approach to analyze the correlation matrix (i.e., Sullivan & Feldman, 1979) for internal and external consistency (Anderson & Gerbing, 1982) . Kalleberg and Klugel (1975) presented a path-analytic decomposition of the MTMM matrix, which they found inadequate due to assumptions that traits and methods are uncorrelated and that methods are minimally correlated with each other (Jackson, 1969) . They also found the method &dquo;basically qualitative in nature&dquo; and turned to confirmatory factor analysis to assess validity. Kavanaugh, MacKinney, and Wolins (1971) used analysis of variance to decompose the observed data based on person, trait, and method variables.
A second approach to assessing validity is factor analysis. When exploratory factor analysis is used, the results are often largely-but not completely-consistent with prior theory. For example, if there are seven constructs with three indicators of each, a principal components analysis must produce seven eigenvalues greater than 1.0 (or possibly 10 if each method also had an effect) and the rotated factor matrix must have seven factors, each with three indicators loading on it. Because this almost never occurs, the researcher can only conclude that the results &dquo;generally support the prior theory.&dquo; Thus, because exploratory factor analysis is imprecise and orthogonal factor analysis is not appropriate for correlated constructs, confirmatory factor analysis often is used. This approach (Anderson & Gerbing, 1982; 3&reg; resl~og9 Downloaded from the Digital Conservancy at the University of Minnesota, http://purl.umn.edu/93227. May be reproduced with no cost by students and faculty for academic use. Non-academic reproduction requires payment of royalties through the Copyright Clearance Center, http://www.copyright.com/ Figure 2 Indicator Variable Correlation Matrix 1971; Long, 1983 ) is reasonable and widely recommended (Schmitt & Stults, 1986) but requires an iterative procedure to arrive at a solution.
A number of factor-analytic procedures have been suggested for assessing convergent and discriminant validity. In a comparison of several of these, Schmitt, Coyle, and Saari ( 1977) suggested that the approach of Jackson (1969, 1975) has the advantage of requiring that the researcher explicitly state assumptions about the hypothesized structure.
The third approach used to assess convergent and discriminant validity jointly examines both the measurement model (convergent and discriminant validity) and the structural model (nomological validity), using LISREL (Bagozzi, 1980; J6reskog & Sorbom, 1979) or PLS (Fomell & Larker, 1981; Wold, 1980) . This approach requires some prior theory, so that the relations among the constructs must be specified exactly. Moreover, because the measurement and structural models are estimated simultaneously, errors in specification of the structural model may affect the results for the measurement model (Burt, 1976; Kumar & Dillon, 1986) . Consequently, a preliminary analysis of convergent and discriminant validity seems desirable before attempting to estimate a full structural equations model. Recent attempts to demonstrate discriminant validity have focused on using LISREL on a series of nested models, as recommended by Widaman (1985) . The Widaman (1985) suggested that the procedures of Campbell and Fiske (1959) have three main problems: (1) This example examines discriminant validity using the superior, peer, and self ratings of performance on three criteria (quality, ability, and effort) presented by Lawler (1967) . These correlations were analyzed using Equation 3 and OLS.
The data in Table 2 4. Bo + + Bj + ~p9 is generally positive, indicating correlated constructs, although again the self ratings tend to be different from the others. 5. There is massive method bias in the self ratings (~ _ .64), a smaller but significant one in the supervisor ratings (~ _ .13), and a r~&reg;nsi~nific~a~t ~ in peer ratings (.10) . This suggests that self ratings are consistent across attributes (ability, quality, effort). These results mirror those reported by Widaman (1985) . His chosen model (Model 3C in his paper) showed a strong correlation between the supervisor and peer method factors (related to the higher correlations in their person variables reported here). He argued that effort is the most distinct trait (here effort was discriminantly different from both quality and ability), but that the traits were not easily distinguishable (here indicated by the relatively small coefficients of the trait variables). Thus, the onestep procedure recommended here produces essentially the same interpretation as the nested model testing procedure used by Widaman (1985) .
Downloaded from the Digital Conservancy at the University of Minnesota, http://purl.umn.edu/93227. May be reproduced with no cost by students and faculty for academic use. Non-academic reproduction requires payment of royalties through the Copyright Clearance Center, http://www.copyright.com/ Kothandapani (1971) , which have been analyzed using covariance structure methods (Bagozzi, 1978; Widaman, 1985) The results from an OLS regression analysis of the model are shown in Table 3 , which used 1-0 coding for the dummy variables. The conclusions that can be drawn from the Ostrom ( 1969) data are as follows:
1. Measure-to-construct relations are remarkably similar for any pair of variables because Bis range only fr&reg;rn -.&reg;~ to -i-.09.
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Ipm is the interaction of the pth construct and the mth method, Equation A17 provides an approximate test of the reasonableness of this assumption.
